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Abstract: With the cross-integration of artificial intelligence and communications, technologies for processing multi-
modal data such as text, image, audio, and video are booming, the shared dimension of modal semantics is deeply exca-
vated, and the characteristics of multimodal semantic information such as high abstraction, intelligence and simplicity are
being fully utilized, which brings new ideas and means to semantic communications. First, the fundamental theories and
classifications of semantic communication were introduced, and the research status of single-modal semantic communi-
cation was reviewed for text, image, audio, and video respectively. Then, the research status of multimodal semantic
communication was reviewed, and multimodal data fusion technology and secure semantic communication were intro-
duced. Finally, the challenges faced by multimodal semantic communication were summarized.
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